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Abstract.With the increased demands in streaming services today, existing catalog contents
are finding new exposures to large audiences. However, catalog contents and other old footage
are generally only available in interlaced format. Interlacing has traditionally been used to
double the perceived frame rate without consuming additional bandwidth. This allowed en-
hanced motion perception and reduced visible flicker. While old CRT displays can display
interlaced video directly, modern TV displays typically use progressive scanning. This has
more recently increased the interest in high quality deinterlacing algorithms. Deinterlacing
can be considered as an ill-posed inverse problem with the goal of reconstructing an original
input signal. As such it is challenging to solve, which becomes most apparent in the cases of
large motion. Interestingly however, we can easily describe the degradation incurred through
the subsampling strategy employed in interlacing, and therefore it is an ideal candidate for
a fully supervised deep learning approach. Despite recent successes of machine learning for
other tasks such as upscaling and denoising, deinterlacing has been explored relatively little
and the early solutions that employ learning do not manage to consistently outperform exist-
ing deinterlacing methods already established in the industry. In this paper, we aim to close
this gap by proposing a novel approach to deep video deinterlacing. Our approach addresses
previous shortcomings and leverages temporal information more coherently. In addition to
describing our architecture and training process in detail, we also include an ablation study
that shows the impact of our individual architectural choices. Last but not least we also con-
duct a detailed objective evaluation comparing our approach to existing industry solutions as
well as earlier learning based methods and show that we can consistently achieve significantly
improved quality scores.

Keywords. Deinterlace, Deep Learning.




	Introduction
	Related Work
	Deep Deinterlacing
	Core Deinterlacing Architecture
	Multi-Field Fusion
	Training

	Experimental Results
	Ablation Study
	Comparison to other methods

	Conclusion

